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Using Value-Added Measures
to Evaluate Teachers

mance-based pay don't think it’s fair to

judge -eachers’ effectiveness solely on the
basis of end-of-year test scores, without regard
to where the teachers’ students started at the
beginning of the year. Can value-added mea-
sures, which show students’ growth from one
year to the next, solve this problem?

E ven the staunchest advocates of perfor-

What’s the Idea?

The claim for value-added measures is that they
capture how much students learn during the
school year, thereby putting teachers
on a more level playing field as they
aim for tenure or additional pay.

What's the Reality?

End-of-year test scores do not show
how much students learned that
year in that class, so measures that
take into account where students
started are surely an improvement.
However, such measures of growth
are only a starting point. Making
judgments about individual teachers
requires sophisticated analyses to
sort out how much growth is probably caused
by the teacher and how much is caused by
other factors. For example, students who are
frequently absent tend to have lower scores
regardless of the quality of their teacher, so it is
vital to take into account how many days stu-
dents are present. Thus, to be fair and to provide
trustworthy estimates of teacher effectiveness,
value-added measures require complicated for-
mulas that take into account as many influences
on student achievement as possible.

What's the Research?
A growing number of researchers are studying
whether value-added measures can do a good

job of measuring the contribution of teachers to
test score growth. Here I summarize a handful of
analyses that shed light on two questions.

How Fair Are Value-Added Measures?

The trustworthiness of a value-added measure
depends on how it is defined and calculated.
Koretz (2008) argues that measuring the value
added by the teacher requires knowing not only
how much students have learned in a given year,
but also the rates at which those particular stu-

 dents leamn. Students reading well above grade

level, for example, would be expected to learn
faster than struggling readers. Value-added mea-
sures should take these differences into account.

Rothstein (2008) worries that test score gains
are biased because students are not randomly
assigned to teachers. For example, comparing
teachers whose classrooms are treated as
dumping grounds for troubled students with
teachers whose classrooms contain the best-
behaved students will favor the latter.

RAND researchers examined whether giving
students different tests would lead to dif-
ferent conclusions about teacher effectiveness
(Lockwood et al., 2006). They calculated value-
added ratings of middle school teachers in a
large school district on the basis of their students’
end-of-year scores from one year to the next on
two different math subtests. They found large
differences in teachers’ apparent effectiveness
depending on which subtest was used. The
researchers concluded that if judgments about
teacher effectiv=i>ss vary simply on the basis
of the test selec 2 administrators should use
caution in inter v cing the meaning of results
from value-added measures.

Researchers have also identified other threats
to the trustwordchiness of value-added mea-
sures. Goldhaber ana Hansen (2008) looked
at the stability of such measures over time: Do
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value-added analyses identify the same
teachers as effective every year? Using a
large data set from North Carolina, they
found that estimates of teacher effec-
tiveness were not the same across years
. reading or math. Other researchers
(for example, Koretz, 2008) question
whether it is even possible to compare
gains from one year to the next using
tests that do not measure the same
content.

Are Value-Added Measures More
Accurate Than Traditional Evaluations?
Traditional methods for evaluating
teacher effectiveness have their own
problems—for example, infrequent

or poor classroom observations or
administrator bias. In fact, the persis-
tently subjective nature of these more
traditional evaluations is what fuels

the current enthusiasm among policy-
makers for basing teacher evaluation on
“objective” test scores.

Do value-added measures do a better
job of judging teacher effectiveness
than traditional teacher evaluations do?
Researchers have looked at this question
by comparing results from the two
approaches.

When Jacob and Lefgren (2008)
looked at 201 teachers in 2nd through
6th grade, they found a strong rela-
tionship between principals’ evaluations
and value-added ratings (based on
student math and reading scores) of
the same teachers. The researchers then
asked which method did a better job
of predicting how the teachers’ future
classes would score. They found that
either method was fairly accurate in
predicting which teachers would be in
the top and bottom 20 percent the fol-
lowing year in terms of their students’
test scores. Although value-added
measures did a slightly better job of
predicting future test scores, adding
principal ratings increased the accuracy
of these predictions.

Studies of teacher evaluation systems
in Cincinnati, Ohio, and Washoe
County, Nevada, also found that value-
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added measures and well-done evalu-
ations based on principal observations
produced similar results (Milanowski,
Kimball, & White, 2004).

What's One to Do?

From the federal government to founda-
tions, the pressure is on to use student
test score gains to evaluate teachers.

Yet doing so in a credible and fair way
is a complex and expensive under-
taking with no guarantee that intended
improvements in teaching and learning
will result. What's more, it is not clear

To protect teachers
from erroneous and
harmful judgments,
we need multiple
measures.

that value-added measures yield better
information than more traditional
teacher evaluation practices do.

The complexity and uncertainty of
measuring student achievement growth
and deciding how much responsibility
for gains to attribute to the teacher
argue against using such measures for
high-stakes decisions about individuals.
To protect teachers from erroneous
and harmful judgments, a consensus is
emerging that we need multiple mea-
sures that tap evidence of good teaching
practices as well as a variety of student
outcomes, including but not limited to
standardized test score gains. According
to a recent study (Coggshall, Ott, &
Lasagna, 2010), most teachers support
such a multiple-measures approach.

Investing in expensive data analysis
Systems may not be as important as
investing in ways of measuring teacher
effectiveness that can identify the spe-

cific supports teachers need to
their practice.
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